, and about competencies of which librarians perceived they need them (Huvila et al., 2013) . Empirical data on social media implementation in libraries is rare.
Therefore, this paper contributes to this under-researched field by inquiring the actual implementation of social media in libraries, and with a specific focus on the development of SML of librarians.
The functioning of organizations such as libraries is built upon social processes, or relations and interactions, between the employees (Tichy et al., 1979) . As such, libraries start using new technologies, such as social media, through localized social processes (Valente, 1996) . Actual implementation and use of a new technology within the library depends on the individual members of the organization and the relations and interactions between them. Rogers (1995) and Haythornthwaite (2005) present social network theory and analysis to involve these social processes into the diffusion of innovation research. The social network approach posits that social interactions may have an impact on people's knowledge development about a new technology, which leads to awareness, and consequently has an impact on the implementation (or rejection) of that technology. Moreover, Frambach and Schillewaert (2002) and Haythornthwaite (1996) indicate that information about an innovation is mostly introduced by experts who have the most knowledge, skills, or expertise within the organization and often work on or near the core of the innovation within the organization.
Therefore, the aim of this study is to empirically assess how a social media expert, or the employee with the most knowledge and skills concerning social media, in the library facilitates, or impedes, the information flow and implementation of social media in the library. Thus far, empirical studies on the implementation of innovations within organizations were mainly conducted in the health care industry (e.g. Atun et al., 2007; Williams, 2011) and F o r P e e r R e v i e w 3 the educational field (e.g. Damanpour, 1987; Frank et al., 2004) . Fewer empirical studies were conducted on social media implementation in libraries (e.g. Neo and Calvert, 2012) . This empirical base needs to be expanded to cover more diverse organizations and to allow for more generalizable findings. As public (non-profit) organizations, libraries have many characteristics analogous to hospitals and schools; however, they are sufficiently different in their impact on individual's life chances in order to permit credible generalization of findings of previous research within other organizations.
This paper first provides a theoretical framework, in which we integrate social network theory into a theoretical model of diffusion of innovation within organizations. We then use social network analysis (SNA) to empirically assess how a social media expert in the library facilitates, or impedes, the information flow and implementation of social media. In the discussion, we review the findings, draw implications for social media experts in libraries, and identify limitations.
2.Social network theory and the diffusion of innovations within the library
According to Rogers (1995, 137) , the four elements in any diffusion event are, "(1) an
innovation, idea perceived as new by the potential adopting unit, (2) which is communicated through channels, (3) over time, (4) among members of a social system." This diffusion
process involves a few members' individual knowledge of an innovation and their decision to adopt (or reject) this innovation, thus over time more individuals adopt the innovation until it is implemented into the organization (Valente, 1996) . Nevertheless, the question remains how this idea of diffusion of innovation can be applied to organizations such as a library.
Initially, research on the diffusion of innovations focused on the individual as the unit of analysis (Rogers, 1995) . It was assumed that if the individual is the unit who adopts or F o r P e e r R e v i e w 4 rejects the innovation, he or she must also be the unit of analysis (Coleman, 1958) . This approach can easily be applied to strict hierarchical manufacturing organizations, but not to libraries where the decision-making process is more complex. In libraries, every individual has the autonomy to decide whether to adopt or reject an innovation, partly based on their knowledge they retrieve through contacts with others. Rogers (1995) suggests a social network approach to study the diffusion of innovations, which focuses on the unique interactions and exchange of resources between individuals. Wellman and Berkowitz (1988) argue that behavior is more affected by the kinds of relationships between people and the resources that are exchanged in the relationships than by the norms and attributes of individuals. In this study, we focus on social media information exchange as a resource. Frank et al. (2004) have modified the social network approach to social processes that apply to members of an organization, which emphasizes two characteristics of an organization: social pressure and informal help. Organizations provide important advantages to their members regarding knowledge, social and psychological rewards, access to resources, and in some cases, even status. Therefore, it is possible that individuals within an organization apply social pressure to reward appropriate, and punish inappropriate, behavior. Thus, social pressure can be used by members of an organization to direct other members to support, or reject, an innovation, and to motivate them to achieve a common goal. Nevertheless, the management is of course expected to build an organizational strategy and common goal for using a new technology. However, much input still comes from informal interactions between team members (Frank et al., 2004) . Explicitly on the implementation of a new technology within an organization, Gallivan et al. (2005) found that informal information sharing of coworkers has an important influence on employee's IT usage, while training organized by the management exhibits more modest effects. This elastic term is used in multiple fields, each foregrounding a different aspect of the concept and offering a nuanced understanding of the idea (Bourdieu, 1986; Putnam, 1993) .
According to Lin (2001, 24) , the common element between all theorists includes the understanding of social capital as: "the resources embedded in social relations and social structure, which can be mobilized when an actor wishes to increase likelihood of success in purposive action." Social capital has also been recognized as an important factor in the acceptance and use of information and communication technologies (ICT) (Korupp and Szydlik, 2005; van Dijk, 2005) . On an individual level, this social capital can be thought of as "local experts" or "individuals who play a key role in the support of ICT adoption and use within a heterogeneous social network." (Stewart 2007, 551) More concretely, Bakardijeva (2005, 99) refers to them as "warm experts" or an "internet/computer technology expert in the professional sense or simply in a relative sense compared with the less knowledgeable other."
In the network literature, experts are referred to as the persons who are able to maintain, create or prevent the information flow (Frambach and Schillewaert, 2002; Haythornthwaite, 1996) . Hence, we expect that social media experts (cfr. informal help) in the library as an organization can stimulate (cfr. social pressure), or impede, the exchange of information about social media between colleagues. Previous studies point out a number of indicators that can facilitate or impede the exchange of information from an expert within an organization, including the place of the expert within the network and the quality of ties between the expert and other members of the organization.
In addition to the presence of an expert, network structures may also support the exchange of information if the necessary relations or ties exist, but they may also limit 1  2  3  4  5  6  7  8  9  10  11  12  13  14  15  16  17  18  19  20  21  22  23  24  25  26  27  28  29  30  31  32  33  34  35  36  37  38  39  40  41  42  43  44  45  46  47  48  49  50  51  52  53  54  55  56  57  58  59 (Daly and Finnigan, 2010) . Previous research indicates that if the actor in the information exchange network takes a central position, the more he or she can control the information exchange and consequently the implementation of an innovation (Haythornthwaite, 1996; Scott and Carrington, 2012) .
The people most central in an information exchange network are the experts or the ones who have the most knowledge and skills to be working on or near the core of the innovation within the organization (Frambach and Schillewaert, 2002) . Hence, we wonder if the social media expert in the library takes the most central position in the information exchange network about social media, and consequently, gives the most information to other colleagues.
Although, the focus is on the role and position of a social media expert within the library as an organization, it is also important to include the quality of ties that exists between the expert and the other colleagues (Putnam, 1993) . The quality of ties can be compared with the concept of 'tie strength' of Haythornthwaite (1996) , which is considered as closeness between ties. The closer the actors are and the more reciprocal the relations are, the stronger the ties between the actors. Strong social ties have long been considered the most beneficial for information exchange (Festinger et al., 1950) . Individuals who are more closely tied to each other have a more intimate relationship, which makes it easier to exchange information.
However, Granovetter (1973) and Hansen (1999) library, both strong and weak ties are necessary as they facilitate access to the more basic technological information, or the so-called 'button knowledge ' (van Deursen and van Dijk, 2010) , and to the more advanced knowledge about, for example, the business models of certain social media (Share et al., 2004) . Hence, we wonder if the social media expert within the library gives more complex and advanced information to colleagues with whom he or she shares a more intense relationship (e.g. strong ties) than with whom he or she shares a less intense relationship (e.g. weak ties)?
3.Methodology

3.1.Context
This study is part of a research project funded by the Flemish government that aims to give a social media program with the goal of increasing the social media knowledge and skills of librarians. From each public library in Flanders (Belgium's northern Dutch-speaking region), one or two librarians were invited to attend the intensive social media courses, after which they function as a social media expert within their organization. This study focuses on libraries because they were believed, through other research, to be attempting to implement social media (e.g. Casey and Sevastinuk, 2006; Linh, 2008) . The study was conducted in three public libraries located in Flanders, which contributed to the social media program. These libraries were selected for their almost equal distribution of library staff and their urban area locations, which allow for some comparison. Using mixed method design with a combination of social network analysis and face-to-face interviews, this study aimed to better understand how a social media expert could support or impede the information flow and implementation of social media in the library. The survey for the social network analysis was constructed to examine five types of social relations regarding information exchange about social media in the library: (1) discussing work, (2) personal advice, (3) discussing work related use of social media, (4) discussing personal related use of social media, and (5) giving information about social media.
Discussing work contains the circulation of information and resources pertaining to the organizational goals. We asked the librarians with whom of their colleagues they discuss work related issues. Based on Ibarra (1993) , we refer to this relation as the 'instrumental network'. Personal advice contains more affective emotions and implies a certain level of trust between the people involved in the relationship. Such a strong bond between colleagues is believed to facilitate information exchange (Granovetter, 1973) . This relation is defined as the 'expressive network' (Ibarra, 1993) and was measured by asking the following question:
'Who do you go to for guidance or advice on more personal matters?'. To measure instrumental and expressive networks for social media related issues specifically, we respectively asked 'To whom do you go to discuss your work related use of social media?'
and, 'To whom do you go to discuss your personal use of social media?' Central to this study is information sharing about social media between library staff. Giving information addresses the issue of 'who seeks out whom' for advice and thereby, in contrast to the previous types of instrumental and expressive networks related to social media issues, implies the exchange of knowledge, information, competencies, or expertise between the expert and the novice. We assessed this relationship by asking the respondents to whom they give information about social media. The survey also included SML questions. To explore how well the library staff deals with social media, we conducted a cluster analysis on the SML questions. A magnification of the sample from three to six libraries was necessary to adequately perform this analysis. In total, 220 librarians participated in the survey, which is a response rate of 77%. The SML survey contains questions to librarians' regarding, (1) social media use, (2) social media knowledge, and (3) technical, (4) cognitive, and (5) affective competencies.
Social media use was measured by asking the respondents how often they connect to social media during their work and leisure time. Responses were measured using a five-point scale ranging from 'never' to 'several times a day'. Technical and cognitive competencies were determined by how well the respondents evaluated their performance of social media activities. Simultaneously, we took into account the frequency of use of these activities. Hence, higher self-efficacy in performing these activities and more frequent usage was correlated to more advanced technical and cognitive competencies. We multiplied the selfefficacy measure with the frequency measure and treated the outcome as one variable.
Exploratory factor analysis (maximum-likelihood estimation with varimax rotation) revealed two factors, which we labeled as 'technical competencies' on the one hand, and 'cognitive competencies' on the other hand. The technical competence scale consists of nine items (α = 0.94). With these technical competencies, we refer to, for instance, being able to upload pictures, tagging photos, and making comments on social media. The cognitive competence scale contains four items (α = 0.91) related to, for instance, checking if the information in a social media message is still up-to-date, thinking about the context wherein content on social media is produced and evaluating whether the information on social media is correct or useful. Related to these technical competencies and cognitive competencies, which focus on skills, we also considered a measure of social media knowledge. Based on Hargittai (2009), we asked the respondents about their familiarity with certain terms related to social media use such as tagging, cookies, and social bookmarking. Responses were measured using 'yes' or 'no' answers. Raw scores consisting of higher values were taken to indicate a higher level of social media knowledge. We also measured affective competencies or attitudes based on a series of six items proposed by Bruner et al. (2001) . The measure of attitudes contains an established six-item, seven-point semantic differential scale (bad/good, foolish/clever, unpleasant/pleasant, useless/useful, boring/interesting, and negative/positive). Factor analysis (varimax rotation) revealed a single factor, which we named social media attitudes (α = 0.94).
Raw scores consisting of higher values were taken to indicate positive attitudes towards social media.
Page 10 of 32 Library Hi Tech   1  2  3  4  5  6  7  8  9  10  11  12  13  14  15  16  17  18  19  20  21  22  23  24  25  26  27  28  29  30  31  32  33  34  35  36  37  38  39  40  41  42  43  44  45  46  47  48  49  50  51  52  53  54  55  56  57  58  59 (Rogers, 1995) . These communication flows were analyzed using the above-mentioned interpersonal relationships as the units of analysis. A member of an organization is likely to communicate, in this case, about social media, with certain other members and pay little attention to other members. Social network analysis describes these linkages between individuals by plotting them in a 'whom-to-whom' communication matrix (Scott and Carrington, 2012) . The matrix is constructed following the same procedure; if person A selected person B as a person to whom he or she gives social media information, for example, a 1 was entered in cell AB. A symmetric matrix contains data for an undirected network, while an asymmetric matrix records the direction of ties. In this study, we use an asymmetric matrix because giving social media information to another person does not automatically mean that information is also received.
To better understand the role of a social media expert in the information network about social media, we calculated several social network properties at both organizational and individual levels using the UCINET 6.0 software package (Borgatti et al., 2002) . For this study, we focus on the social network properties listed below in this section, as they are the most relevant and explicit regarding how social media information circulates between librarians.
Organizational level measures include density, reciprocity, and mean degree centrality.
Density can be interpreted as the concentration of relationships in a network and is calculated by dividing the number of actual relationships by the number of total possible relationships (Hanneman and Riddle, 2005) . For example, the more relationships there are between the librarians concerning exchanging social media information, the more dense the social network. The density scores range from 0 (no relationship exists) to 1 (all members are connected to all other members). A dense network allows information to flow more quickly and freely than a network with fewer ties (Scott and Carrington, 2012) .
Reciprocity examines the extent to which the relationships in a social network are reciprocal. For example, A nominates B as a person to whom he or she gives social media information and B nominates A. This property is calculated by dividing the actual number of reciprocal relationships by the total possible number of reciprocal relationships (Hanneman and Riddle, 2005) . Previous research indicated that higher levels of network reciprocity are linked with a higher level of complex information exchange (Kilduff and Tsai, 2003) . This reciprocity measure ranges from 0 (none of the relations are reciprocal) to 1 (all of the relations are reciprocal).
The mean degree centrality of the network is calculated by dividing the sum of the degree centrality of all the nodes in the network by the total number of nodes (Kretschmer and Aguillo, 2004) . Although density is a better measure for understanding communication in a network as a whole, the measure of the mean degree centrality can compare individual scores of actors in relation to the network. This score can be compared with the in-and out-degree (see below) scores at the individual level.
At individual level, we calculated the raw and normalized scores for in-degree and out-degree (Hanneman and Riddle, 2005) . In-degree reflects the number of people by whom a respondent was nominated and can consequently be interpreted as a measure for individual popularity. Out-degree represents the number of people nominated by the respondent and can therefore be seen as a measure of individual activity. While raw scores encompassed the actual numbers of respondents that were selected, normalized scores present the percentage of relationships of the whole network that respondents maintain. We also estimated a series of ANOVA Density Models (Hanneman and Riddle, 2005) to examine how members of a group relate to members of other groups. In our study, groups are defined according to individuals' social media expertise within the group. It is possible that social media experts prefer to have ties either with other experts in the library or with people who use social media less often. The ANOVA Density Models enable detection of differences within and between group ties. This measure gives the probability that a group is tied to another group; however, it does not specify in what way they differ.
To examine whether social media experts give more or less information about social media to people with whom they share a more or less intensive relationship (e.g. strong ties versus weak ties), a series of Quadratic Assignment Procedure (QAP) correlations in UCINET were estimated (Borgatti et al., 2002) . The statistical technique of Pearson correlation is not relevant in this study because social relations between people are nested and embedded within the same network, which therefore violates the assumption of interdependence, whereas the QAP is designed for correlational analysis for social network data. A low proportion (p<0,05) indicates a strong correlation between the different kinds of social relations that are unlikely to have occurred by chance (Baker and Hubert, 1981) .
3.2.3.Collection of interview data
The aim of the qualitative stage was to gather richer data to allow deeper insights into how social media experts reflect on the information flow of social media in the library. We conducted two hour-long face-to-face interviews with the five the social media experts Elena (library 1, age= 31, profile= social media literate), Lisa (library 1, 38, social media literate), Sophie (library 2, 35, social media worker), Paul (library 3, 32, social media literate), and Nina (library 3, 43, social media literate). As the interviewees were recruited out of the respondents who participated in the survey, we already had much (descriptive) knowledge 
4.1.Social media literacy profiles
To detect SML profiles, a k-means cluster analysis was conducted on the five SML questions, and to identify the appropriate number of clusters (k), we first conducted a hierarchical cluster analysis on the SML factors. Examination of the dendrogram revealed peaks at four and five clusters. A k-means cluster analysis was then conducted, examining four and five cluster solutions. Our typology containing four clusters was the most information-rich and interpretable. Table 2 indicates that all three libraries had a low network density score for sharing social media information. In other words, in these libraries 4% or less of all possible relationships formed around giving social media information are actually reported to exist. Nina (Library 3)
4.2.The library and the information network about social media
gives the following reason for this low density score:
"For only a limited group of librarians, using social media is part of their job description. The other librarians do not have enough time or are not interested enough in social media to think or talk about social media in the library."
Library network level reciprocity of the information flow about social media varies among the libraries between 0.15 and 0.40. This means that 40% and 15% of all relationships in libraries 2 and 3, respectively, are reportedly based on sharing mutual social media information. In library 1 27% of all relationships are reciprocal. Since previous research already indicated that higher levels of network reciprocity are linked with higher levels of complex information exchange (Kilduff and Tsai, 2003) , we can assume that library 2 is the most effective and efficient at transmitting complex social media information. In contrast to the other libraries, librarians in library 2, who professionally work with social media, sit on the same floor, and share much social media information; thus, other librarians who sit on this floor but do not professionally work with social media are also stimulated to discuss social media use. 
4.3.Social media experts as central actors
We used Freeman's approach to measure the centrality of the social media expert(s) in the library network of giving social media information (Hanneman and Riddle, 2005) . This approach measures the centrality of actors based on their out-degree and in-degree. Findings indicate that social media experts' have a similar position in all libraries; they are nominated as the person who gives the most information about social media and is consequently the most central; furthermore, they usually give more information about social media than they receive. Table 3 indicates that the social media expert with the highest out-degree gives social media information to 44% of her colleagues and receives information from only 5% of her Except for Sophie and Nina, these social media experts have the lowest out-degree centrality, and give and receive social media information to only 9% and 11% of the colleagues, respectively. Both Sophie and Nina indicated in the interviews that social media does not belong to their job description and some of their colleagues have more knowledge and skills to deal with social media. Hence, Sophie and Nina also receive social media information from other social media literates in the library. This result is closely linked to the high score of library 2 on reciprocity. At library 3, the score on reciprocity is compensated by the low score on in-degree of the other expert in this library, namely Paul.
In contrast, as Elena and Paul have the greatest out-degrees, they might be regarded as the most powerful and influential concerning giving social media information. Both Elena and Paul explain this by the fact that colleagues not only ask them questions, but they sometimes also interfere when they hear someone talking to others about social media.
During the interviews, all social media experts revealed that they are the central point for questions on social media. Elena gives the following reasons for this social media 
4.4.The information flow about social media
Social media experts are the primary conduits through which social media information is diffused. However, as it is not yet clear to whom they give information, we investigated who of the four SML profiles give social media information to each other using the ANOVA Density models.
In library 1, the differences between the four profiles explain 10% of the variance in giving social media information. The ANOVA density models show that in library 1, social media literates give most information to other social media literates, who give less or no information to other profiles. In the interviews, the social media experts indicated that they tried to engage the less advanced social media users through workshops and courses.
However, only colleagues interested in social media participated in these courses. No other profiles give social media information to social media literates. In library 1, social media information remains within the group of social media literates, despite the numerous attempts of the social media experts to share information. This is confirmed by the statements of Elena and Lisa indicating that social media is mainly discussed in the social media working group.
For library 2, only 2% of the variance in sharing social media information is explained by the differences between SML profiles despite all profiles in library 2 giving information to almost all other profiles. In the interviews, Sophie highlights that all librarians, not only those with more expertise, are responsible exchanging social media information with the youth section in the library. However, she admits that:
"It is easier to talk to people who know a lot about social media or frequently use social media in their private lives."
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In library 3, almost 11% of the variance in sharing social media information is explained by the variations in SML profiles. Again, because social media literates give most information to other social media literates, most social media information remains within the group. However, they also give social media information to social media spare time users and workers and to a lesser extent to social media laggards, because of the disinterest or negative attitudes of the latter group towards social media.
Overall, social media laggards do not receive much social media information in the libraries despite their need for more information, because of their low level of knowledge and skills to deal with social media and their disinterest or negative attitude towards it. Social media experts, such as Lisa and Sophie, found it particularly difficult to give social media information to colleagues who do not use and/or are not interested in social media. In all three libraries, social media literates give most information to other social media literates. In library 1, social media information is usually limited to the groups of social media literates or the experts, while in the other two libraries the information is also transmitted to other SML profiles. This finding about libraries 2 and 3 is congruent with the out-degree measures of the social media experts in these libraries.
4.5.Social capital and librarians' development of social media literacy
To understand whether social media experts only give advice about social media to the people they share an affective relation (i.e. expressive network) with or only give advice with whom The correlations between giving social media information and the instrumental and expressive networks for social media are higher than those with the instrumental and expressive network in general. Paul, for example, indicated in the interviews that if colleagues discuss social media use for professional purposes in a meeting, social media experts are asked for advice. However, the correlations between giving social media information and the expressive social networks for social media are higher than the correlation between giving information and instrumental social networks for social media. This may be a first indication of a distinction between social networks that are specifically aimed at work (instrumental social networks) and social networks with a more affective connotation (expressive social networks). Librarians who discuss their private social media use are also more likely to share social media information with each other.
TABLE 4 IS ABOUT HERE
5.Conclusion and discussion
This paper examined how social media experts in libraries can support or impede the information flow and implementation of social media in a library context. The findings suggest that such social media experts play a significant role in either supporting or constraining the information flow and implementation of social media. 1  2  3  4  5  6  7  8  9  10  11  12  13  14  15  16  17  18  19  20  21  22  23  24  25  26  27  28  29  30  31  32  33  34  35  36  37  38  39  40  41  42  43  44  45  46  47  48  49  50  51  52  53  54  55  56  57  58  59 
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5.1.In libraries, there is little communication about social media
A few librarians share social media information with other librarians, but receive little information in return. Moreover, people who are already skilled in social media use mostly discuss social media information, except for library 2, where 40% of the relations are reciprocal. The more relations the actors maintain and the more reciprocal these relations are, the stronger the ties between actors and the better the transfer of complex social media information (Haythornthwaite, 1996) . Individuals in libraries 1 and 3 demonstrated relatively weak ties concerning social media information exchange, meaning that only basic information about social media (i.e. button knowledge) is exchanged. A possible explanation is that social media use only represents a small part of the library operation and consequently not all librarians are interested in using, or have enough time to use, social media in the library.
Working in the same office can stimulate the information flow on social media (see library 2), but is not the only explanation. Furthermore, as social media is only recently being introduced in the library, it is only discussed in-depth by a selected group of advanced users.
5.2.A social media expert plays an important role in the library for spreading information about social media
Unsurprisingly, social media experts are the most central actors for giving social media information; they share more social media information with other librarians and rarely receive information in return. Any information they do receive mostly comes from a person skilled in social media use. The social media expert as the central actor in the information network has the power to facilitate or prevent information exchange about social media (Scott and Carrington, 2012) .
5.3.Information about social media stays in the group of advanced social media users
As mentioned above, the social media expert gives the most social media information to other colleagues. However, in most cases this information is given to colleagues who are already conversant with social media, with the least amount of social media information given to social media laggards or people who are not skilled at using social media. Therefore, social media information spread by social media experts usually remains within a group of skilled users. The latter is certainly the case when advanced users create a social media working group. This finding supports the Matthew effect, whereby the 'rich get richer' (Helsper, 2012; van Dijk, 2005) . This is problematic because implementation of social media in the library is only successful if the laggards are also able to use social media to perform their professional responsibilities of providing information services such as teaching library customers to read and write, providing digital media training, and coordinating public programs. We might expect that support from a social media expert would enhance all librarians' SML. However, access, skills, interests, and infrastructure represent costs and barriers; therefore, greater usage, activities, and benefits flow to those with greater resources and abilities (DiMaggio et al., 2004) . In this respect, the social media expert constrains the information flow about social media to librarians who are not or less conversant with social media. Libraries need to bring the social media laggards to the center of the social media information flow by, for example, involving them in the formation of a social media policy and/ or a working group on social media.
5.4.Validation of the instrumental vs. expressive distinction
In general, both instrumental and expressive networks specifically for social media tend to show a small to moderate overlap regarding the relationships of giving social media information. The private and professional discussion of social media stimulates the exchange of information about social media more than instrumental and expressive networks overall. In other words, social media information is most often exchanged between librarians who also (Granovetter, 1973) .
5.5.Relevance, limitations, and areas for further research
This study contributes to media literacy and library literature by drawing on social network theory and social capital theory to understand how the position of a social media expert in the library facilitates or impedes the distribution of social media information. The presence of a social media expert facilitates the information flow about social media to other librarians, as he or she is the most important source for information about social media. However, at the same time, the expert impedes the information flow to all librarians as he or she gives most information to librarians who are already conversant with social media and/or with whom he or she shares a more close relationship (e.g. friendship).
The findings from this research can be used to establish a social media policy or to provide social media training. In addition, longitudinal research could also follow up on these findings to inquire if the social media expert evolves when social media is successfully implemented in the library. Such data is useful for library policymakers.
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